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Introduction 

The rapid integration of artificial intelligence (AI) into online travel platforms (OTPs) 

has transformed how consumers search for, evaluate, and book travel services. AI-

powered features — including personalised recommendation engines, AI chatbots, and 

predictive pricing algorithms — are now embedded across leading platforms such as 

Traveloka, Tiket.com, and Agoda, reshaping customer interactions at every touchpoint. 

However, while AI has demonstrably improved operational efficiency and user 

experience, it remains unclear whether these technological capabilities translate into 

sustained customer loyalty, operationalised here as reuse intention. 

The Indonesian OTP market provides a compelling context for this investigation. 

Statista (2025) projects the online travel market in Indonesia to grow substantially 

through 2029, and Traveloka alone reported nearly 140 million app downloads and  

This study examines how AI technology shapes reuse intention in online travel 

platforms (OTPs) through a Stimulus–Organism–Response (SOR) framework, in 

which AI is the stimulus, social media engagement, enthused participation, and 

customer satisfaction experience are organism states, and reuse intention is the 

behavioural response. Prior research has predominantly assumed a direct 

relationship between AI and behavioural outcomes, overlooking the mediating roles 

of customer experience and emotional engagement. Using a cross-sectional survey 

of 101 valid respondents (screened from 134) in the Greater Jakarta (Jabodetabek) 

area who had used OTPs such as Traveloka, Tiket.com, or Agoda within the past 

year, data were analysed via Partial Least Squares Structural Equation Modelling 

(PLS-SEM) with SmartPLS 4. The results show that AI technology significantly 

predicts social media engagement (H1: β = 0.774, p < 0.001) and enthused 

participation (H2: β = 0.512, p < 0.001); social media engagement predicts 

enthused participation (H3: β = 0.274, p < 0.001); enthused participation predicts 

customer satisfaction experience (H4: β = 0.703, p < 0.001); and customer 

satisfaction experience predicts reuse intention (H5: β = 0.711, p < 0.001). Neither 

AI technology (H6: β = 0.058, p = 0.641) nor social media engagement (H7: β = 

0.100, p = 0.324) exerts a significant direct association with reuse intention. These 

findings contribute to the SOR literature by demonstrating that organism-level 

states are necessary mediators between digital stimuli and behavioural responses 

in OTP contexts, and suggest that AI investment alone is insufficient to drive 

platform loyalty without delivering satisfying experiential outcomes. 
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approximately 50 million monthly active users in Southeast 

Asia as of January 2025, with 85% of Indonesian survey 

respondents reporting its use. This scale of adoption creates 

a large population of OTP users whose reuse behaviour is 

consequential for platform competitiveness. Yet high price 

sensitivity and cross-platform switching — characteristics of 

Indonesian OTP users (Nugraha & Susilo, 2021)— mean that 

AI-driven engagement does not automatically translate into 

loyalty. Understanding which mechanisms connect AI to reuse 

intention is therefore both theoretically important and 

practically urgent. 

Prior research on AI in digital marketing has 

predominantly assumed direct relationships between AI 

capability and behavioural outcomes such as purchase intent 

or loyalty (Huang & Rust, 2021; L. Zhang et al., 2023). This 

direct-effect assumption overlooks the potential mediating 

roles of customer experience and emotional engagement. The 

specific unresolved contradiction is this: studies confirm that 

AI improves customer satisfaction and engagement (Bag et 

al., 2021; Perez-Vega et al., 2021), yet other evidence shows 

that AI effectiveness is perceived as purely functional, with 

users switching platforms based on price rather than past AI-

enhanced experience (Nugraha & Susilo, 2021; L. Zhang et 

al., 2023). This contradiction points to an underexplored 

indirect pathway through which AI may operate on reuse 

intention — through organism-level states rather than directly. 

This study addresses that gap by grounding the analysis 

in the Stimulus–Organism–Response (SOR) framework 

(Mehrabian & Russell, 1974). In this model, AI technology is 

conceptualised as the stimulus (S) — an external 

technological trigger embedded in OTP interfaces. Social 

media engagement, enthused participation, and customer 

satisfaction experience are conceptualised as organism 

states (O) — the internal psychological processes through 

which AI stimuli are experienced and evaluated. Reuse 

intention constitutes the behavioural response (R). This SOR-

based framing allows the study to test not only whether AI 

influences reuse intention, but through which internal 

pathways such influence operates, addressing the gap in prior 

studies that treated all variables as parallel predictors rather 

than a coherent sequential chain. 

Building on this framework, the study makes three 

contributions. First, it extends the SOR framework by mapping 

AI technology and social media engagement onto the stimulus 

role, positioning enthused participation and customer 

satisfaction experience as mediating organism states. 

Second, it empirically challenges the assumption of a direct 

AI–reuse intention link by demonstrating that this effect 

operates entirely through experiential mediators. Third, it 

offers context-specific insights from Indonesian OTPs, where 

price sensitivity and platform-switching behaviour shape the 

boundary conditions under which AI converts into loyalty. 

 

Literature Review 

Artificial Intelligence Technologies in Online Travel Platforms 

Online travel platforms serve as comprehensive digital 

ecosystems enabling users to search, compare, and book 

travel services. AI enriches these platforms through machine 

learning algorithms trained on large behavioural datasets, 

enabling personalised recommendations, predictive pricing, AI 

chatbots for real-time customer support, and automated post-

booking communications (Buhalis & Cheng, 2020; Jabeen et 

al., 2021). These AI touchpoints are the primary stimuli that 

activate internal customer states, consistent with the SOR 

framework. Research confirms that AI in OTPs enhances 

operational efficiency and improves the quality of customer 

interactions (Qin et al., 2022; Samara et al., 2020), but the 

pathway from AI to sustained loyalty — rather than short-term 

engagement — remains contested. 

 

Social Media Engagement 

Social media engagement encompasses the dynamic 

exchanges between users and digital content — likes, shares, 

comments, clicks, and session durations — that reflect 

psychological commitment to co-creating value through 

interactive brand encounters (Garg et al., 2020; Tuten & 

Solomon, 2020). In the OTP context, user-generated content 

such as travel reviews and peer endorsements functions as a 

credibility mechanism that shapes booking decisions (Hu & 

Olivieri, 2021; Wang et al., 2019). AI amplifies social media 

engagement by analysing sentiment patterns, personalising 

content delivery, and identifying high-engagement themes 

(Perez-Vega et al., 2021; D. Zhang et al., 2021). Within the SOR 

framework, social media engagement is an organism state 

activated by AI stimuli — the degree to which a customer is 

psychologically immersed in platform-mediated social content. 

 

Enthused Participation 

Enthused participation (EP) is defined in this study as a 

psychological participation construct reflecting the degree of 

fervour, curiosity, and proactive immersion that users exhibit 

during OTP interactions — including exploratory browsing, 

feature engagement, peer endorsements, and reservation 

activities (Bag et al., 2021). EP is explicitly conceptualised as a 

psychological state, not a performance metric such as 

conversion rate or bounce rate, which would require objective 

platform data rather than self-reported perceptions. Within the 

SOR framework, EP is an organism state: an internal affective 

response to AI stimuli and social media engagement that

 
Figure 1. AI Technology on Customer Buying Behaviour Theoretical Model — retained from original] 
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mediates between those external inputs and downstream 

satisfaction and behavioural outcomes. Prior research 

identifies emotional participation and proactive engagement 

as important precursors to satisfaction and loyalty in digital 

service contexts (Eigenraam et al., 2018; Pansari & Kumar, 

2017). 

 

Customer Satisfaction Experience 

Customer satisfaction experience is a holistic evaluative 

and affective response to a service encounter, integrating 

cognitive appraisals of performance with emotional reactions 

such as delight, trust, or disappointment (De Oliveira Santini 

et al., 2020; Lee & Lee, 2020). In the OTP context, satisfaction 

crystallises across multiple touchpoints: the ease of the 

search interface, the relevance of AI recommendations, the 

quality of automated support, and the seamlessness of the 

booking process. The hospitality and tourism literature 

consistently identifies satisfaction as one of the strongest 

antecedents of loyalty and continued usage (Y. J. Kim & Kim, 

2022; Oliver, 1999). Within the SOR framework, satisfaction 

is an organism state shaped by upstream stimuli and 

mediating states (enthused participation), which in turn 

strongly influences the behavioural response of reuse 

intention. 

 

Reuse Intention 

Reuse intention refers to a customer’s disposition to 

return to and transact through the same OTP in the future (Y. 

J. Kim & Kim, 2022; Majeed et al., 2022). It is operationalised 

in this study as the specific behavioural response (R) in the 

SOR model, serving as the primary indicator of customer 

buying behaviour in the OTP context. Reuse intention is a 

critical strategic outcome because platform-switching costs in 

travel are relatively low, making it a meaningful proxy for 

platform loyalty (Nugraha & Susilo, 2021; Shi et al., 2018). 

 

Hypothesis Development  

As the stimulus in the SOR model, AI decodes user 

behaviours, forecasts actions, and personalises social 

content delivery, thereby activating deeper social media 

engagement as an organism state (Perez-Vega et al., 2021). 

AI-powered platforms amplify organisational agility in 

information handling, increasing the relevance and 

resonance of social content for OTP users (Figure 1). 

H1: AI technology is positively associated with social media 

engagement. 

AI features such as personalised recommendations, 

predictive search, and interactive chatbots are designed to 

heighten user immersion within the OTP (Bag et al., 2021; 

Herhausen et al., 2020). By surfacing relevant options and 

reducing decision friction, AI stimulates exploratory behaviour 

and participatory excitement as organism-level responses to 

the AI stimulus. 

H2: AI technology is positively associated with enthused 

participation. 

Social media platforms facilitate communal exchanges, 

peer influence, and information sharing that immerse users 

in experiential OTP content (Voorveld et al., 2018; Wang et al., 

2019). As users encounter positive peer narratives, travel 

imagery, and promotional content, their participatory 

enthusiasm within the OTP is expected to increase. Both are 

organism states, with social media engagement as an 

antecedent that amplifies internal participatory excitement. 

H3: Social media engagement is positively associated with 

enthused participation. 

When users are emotionally activated and proactively 

engaged with OTP features, they are more likely to perceive 

their interaction as valuable, contributing to a positive 

satisfaction evaluation (Eigenraam et al., 2018; Pansari & 

Kumar, 2017). Enthused participation is thus an organism 

state that, once activated, elevates the affective component of 

the satisfaction experience. 

H4: Enthused participation is positively associated with 

customer satisfaction experience. 

Satisfaction is consistently identified as one of the most 

robust antecedents of loyalty and repeat purchase behaviour in 

service contexts (J. Kim et al., 2022; Oliver, 1999). In OTPs, a 

satisfying booking experience encompassing platform usability, 

recommendation relevance, and support quality is expected to 

translate into a stronger intention to return to the same 

platform. 

H5: Customer satisfaction experience is positively associated 

with reuse intention. 

Some prior studies propose that AI features directly 

influence customer loyalty by providing consistently superior 

experiences that reduce platform-switching motivation (Garg et 

al., 2020; L. Zhang et al., 2023). This study tests whether such 

a direct stimulus–response path exists, independently of the 

organism states. 

H6: AI technology is positively associated with reuse intention. 

Social media interactions including peer endorsements, 

user-generated content, and brand responses have been 

proposed as direct drivers of repurchase intent by building 

affective bonds and platform credibility (Brodie et al., 2013; Y. 

J. Kim & Kim, 2022). This study tests whether this direct path 

holds in the OTP context, where platform-switching is common 

and price comparisons are pervasive. 

H7: Social media engagement is positively associated with 

reuse intention. 

Methods 

This study employed a cross-sectional survey design. 

Survey items used a 5-point Likert scale (1 = Strongly Disagree 

to 5 = Strongly Agree). Measurement scales for all constructs 

were adapted from validated instruments in the prior literature. 

AI technology items (5 items; AI1 removed due to low loading) 

were adapted from Alter (2021) and Bag et al. (2021). Social 

media engagement items (5 items, SME1–SME5) were 

adapted from Brodie et al. (2013) and (De Oliveira Santini et 

al., 2020). Enthused participation items (3 retained items from 

5; EP2 and EP4 removed due to low factor loading) were 

adapted from Bag et al. (2021) and Eigenraam et al. (2018). 

Customer satisfaction experience items (5 items, CSE1–CSE5) 

were adapted from De Oliveira Santini et al. (2020) and Vo et 

al. (2020). Reuse intention items (5 items, RUI1–RUI5) were 

adapted from Y. J. Kim & Kim (2022) and Majeed et al. (2022). 

The target population comprised adults aged 18 and above 

who had booked travel services through OTPs such as 

Traveloka, Tiket.com, Agoda, or Klook within the past year. 

Primary data were collected through online surveys distributed 

via convenience sampling to participants in the Jabodetabek 

region (Jakarta, Bogor, Depok, Tangerang, Bekasi). A total of 

134 responses were initially collected. Data screening included 

standard deviation checks to identify straight-liners, outlier 

removal using SmartPLS diagnostics, and verification of 

eligibility criteria (OTP usage within the past year), resulting in 

101 valid responses retained for analysis. All respondents 

provided informed consent prior to participation. To mitigate 

common method bias, questionnaire items were presented in 

randomised order and respondent anonymity was ensured 

throughout. 

The final sample size of 101 valid responses satisfies the 

minimum requirement for PLS-SEM analysis. The maximum 

number of structural paths pointing to any single endogenous 

construct in this model is three (pointing to Enthused 

Participation: from AI, from SME, and onwards to CSE), 

requiring a minimum of 30 observations under the 10-times 

rule (Hair et al., 2014). The sample of 101 comfortably exceeds 

https://doi.org/10.3389/abp.2025.15550
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this threshold. PLS-SEM is additionally appropriate for 

exploratory models with smaller samples and non-normal 

data (Hair et al., 2019). However, the convenience sampling 

approach and concentration of respondents in Jabodetabek 

limit generalisation to other Indonesian regions or 

demographic groups. 

Analysis proceeded in SmartPLS 4 through sequential 

steps: measurement model evaluation via factor loadings 

(threshold ≥ 0.70), Cronbach’s α (≥ 0.70), composite 

reliability (CR ≥ 0.70), and average variance extracted (AVE ≥ 

0.50); discriminant validity via Fornell–Larcker criterion; and 

structural model assessment using path coefficients (β), 

bootstrapped t-statistics, and p-values (5,000 subsamples). 

Result and Discussion  

Respondent Profile 

Table 1 presents the demographic profile of the 101 valid 

respondents. Most respondents were aged 31–40 years 

(54.60%) and employed (71.54%). Traveloka was the most 

frequently used platform (38.75%), followed by Tiket.com 

(35.42%) and Agoda (17.50%). Most respondents were based  

in Jakarta (46.92%) and Tangerang (32.31%). Domestic 

travel was the predominant destination (52.53%), with a 

travel frequency of 2–3 times per year (51.54%). Most 

respondents reported a travel booking budget of Rp 

1,000,000–Rp 4,999,999 (59.23%), and 73.85% indicated 

awareness of AI features in online travel booking. 

Measurement Model: Reliability and Validity 

Table 2 presents the reliability and validity results. All 

retained items achieved factor loadings above 0.70. Three 

items were removed due to low factor loadings: AI1, EP2, and 

EP4. Cronbach’s alpha values ranged from 0.760 to 0.841, all 

exceeding the recommended threshold of 0.70 (Hair et al., 

2014). Composite reliability (CR) and average variance 

extracted (AVE) values confirmed convergent validity, with AVE 

values ranging from 0.557 to 0.708, all above the 0.50 

threshold. VIF values for all constructs were below 3.3, 

indicating no collinearity concerns. R² values for endogenous 

constructs were: Social Media Engagement = 0.599; Enthused 

Participation = 0.554; Customer Satisfaction Experience = 

0.494; Reuse Intention = 0.685. 

 

Discriminant Validity 

Discriminant validity was assessed using the Fornell–

Larcker criterion (Table 3). For each construct, the square root 

of the AVE (diagonal values) exceeds all inter-construct 

correlations, confirming that each construct is more strongly 

associated with its own indicators than with other latent 

constructs. Although some HTMT values exceeded the 0.90 

threshold, the Fornell–Larcker results support acceptable 

discriminant validity, and the theoretical distinction between 

constructs provides additional conceptual justification. 

 

Structural Model and Hypothesis Testing 

Table 4 presents the path coefficients, bootstrapped t- 

Table 1. Respondent Profiles 

Demographic Category % of Sample Total Persons 

Age 20–30 years old 16.90% 22 

31–40 years old 54.60% 71 

41–50 years old 21.50% 28 

> 51 years old 7.00% 9 

Occupation Employee 71.54% 93 

Entrepreneur 11.54% 15 

Housewife 13.85% 18 

Student 2.31% 3 

Retired 0.77% 1 

Travel Platform (max 3) Traveloka 38.75% 93 

Tiket.com 35.42% 85 

Agoda 17.50% 42 

Booking.com 4.17% 10 

Klook 3.33% 8 

Trip.com 0.83% 2 

Residence Jakarta 46.92% 61 

Tangerang 32.31% 42 

Bekasi 8.46% 11 

Bogor 4.62% 6 

Depok 3.08% 4 

Medan 3.08% 4 

Destination (max 3) Domestic 52.53% 104 

Asia 37.88% 75 

Europe 5.05% 10 

USA 2.53% 5 

Australia 2.02% 4 

Travel Frequency Rarely (once a year or less) 19.23% 25 

Occasionally (2–3 times a year) 51.54% 67 

Frequently (4–6 times a year) 20.77% 27 

Very frequently (≧7 times a year) 8.46% 11 

Travel Booking Budget < Rp 1,000,000 5.38% 7 

Rp 1,000,000 – Rp 4,999,999 59.23% 77 

Rp 5,000,000 – Rp 9,999,999 23.08% 30 

> Rp 10,000,000 12.31% 16 

AI Awareness Yes 73.85% 96 

No 26.15% 34 

https://doi.org/10.3389/abp.2025.15550
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statistics, p-values, and hypothesis decisions. Hypotheses H1 

through H5 are all supported at p < 0.05 or better. AI 

technology is positively associated with social media 

engagement (β = 0.774, t = 18.177, p < 0.001) and enthused 

participation (β = 0.512, t = 4.640, p < 0.001). Social media 

engagement is positively associated with enthused 

participation (β = 0.274, t = 2.505, p < 0.001). Enthused 

participation is positively associated with customer 

satisfaction experience (β = 0.703, t = 13.821, p < 0.001). 

Customer satisfaction experience is positively associated with 

reuse intention (β = 0.711, t = 9.666, p < 0.001). Neither AI 

technology (β = 0.058, t = 0.466, p = 0.641) nor social media 

engagement (β = 0.100, t = 0.986, p = 0.324) exerts a 

significant direct association with reuse intention; H6 and H7 

are not supported. 

This study examined how AI technology shapes reuse 

intention in online travel platforms through a SOR-based 

model incorporating social media engagement, enthused 

participation, and customer satisfaction experience. The 

findings reveal a nuanced pattern: while AI technology is a 

powerful activator of organism-level states, it does not directly 

produce the behavioural response of reuse intention. Instead, 

the effect of AI on reuse intention operates entirely through a 

sequential mediation chain — from enthused participation to 

customer satisfaction experience. 

The non-significant direct paths from AI (H6, β = 0.058, p = 

0.641) and social media engagement (H7, β = 0.100, p = 

0.324) to reuse intention carry important theoretical 

implications for the SOR framework (Figure 2). A foundational 

premise of SOR is that stimuli can produce responses directly, 

with organism states serving as amplifiers. The present findings 

challenge this direct stimulus–response assumption: in the 

OTP context, the organism layer is not optional — it is necessary. 

AI and social media engagement are insufficient stimuli to 

generate reuse behaviour unless they activate the internal 

states of enthused participation and satisfaction. This extends 

the SOR framework by establishing that the organism layer 

functions as a full mediator rather than merely a moderator in 

Table 2. Reliability Testing 

Variable / Item Loading Cronbach's α CR AVE VIF R² 

Artificial Intelligence 

(AI) 
 0.760 0.848 0.583 — — 

AI2 0.741      

AI3 0.777      

AI4 0.699      

AI5 0.832      

Enthused 

Participation (EP) 
 0.796 0.876 0.703 2.1 0.554 

EP1 0.759      

EP3 0.860      

EP5 0.900      

Social Media 

Engagement (SME) 
 0.815 0.869 0.571 1.0 0.599 

SME1 0.704      

SME2 0.717      

SME3 0.784      

SME4 0.810      

SME5 0.761      

Customer 

Satisfaction 

Experience (CSE) 
 0.800 0.855 0.557 2.3 0.494 

CSE1 0.736      

CSE2 0.807      

CSE3 0.820      

CSE4 0.679      

CSE5 0.678      

Re-Use Intention 

(RUI) 
 0.841 0.882 0.600 1.9 0.685 

RUI1 0.785      

RUI2 0.767      

RUI3 0.851      

RUI4 0.760      

RUI5 0.741      

Note: AI1, EP2, EP4 removed due to low factor loadings. CR = Composite Reliability; AVE = Average Variance Extracted; VIF = 

Variance Inflation Factor. All thresholds: loadings ≥ 0.70, α ≥ 0.70, CR ≥ 0.70, AVE ≥ 0.50. 

Table 3. Discriminant Validity — Fornell–Larcker Criterion 

Construct AI EP SME CSE RUI 

Artificial Intelligence (AI) 0.764     

Enthused Participation (EP) 0.717 0.839    

Social Media Engagement (SME) 0.725 0.703 0.756   

Customer Satisfaction Experience (CSE) 0.645 0.822 0.610 0.746  

Re-Use Intention (RUI) 0.774 0.694 0.670 0.639 0.775 

Note: Diagonal values represent the square root of AVE. All diagonal values exceed off-diagonal inter-construct correlations, 

confirming discriminant validity.

https://doi.org/10.3389/abp.2025.15550
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Table 4. Hypothesis Testing Results 

Hypothesised Path β t-stat p-value Decision  

H1: AI → Social Media Engagement (SME) 0.774 18.177 0.000 Supported  

H2: AI → Enthused Participation (EP) 0.512 4.640 0.000 Supported  

H3: SME → Enthused Participation (EP) 0.274 2.505 0.000 Supported  

H4: EP → Customer Satisfaction Experience (CSE) 0.703 13.821 0.000 Supported  

H5: CSE → Re-Use Intention (RUI) 0.711 9.666 0.000 Supported  

H6: AI → Re-Use Intention (RUI) 0.058 0.466 0.641 Not Supported  

H7: SME → Re-Use Intention (RUI) 0.100 0.986 0.324 Not Supported  

Note: Bootstrapping with 5,000 subsamples. All associations are cross-sectional and do not support causal inference. 

 
Figure 2. Framework Results from SmartPLS — retained from original 

 

digitally mediated, high-switching service environments. This 

finding diverges from L. Zhang et al. (2023), who reported a 

direct positive relationship between AI personalisation and 

reuse behaviour, but aligns with Huang & Rust (2021), who 

argued that AI contributes primarily to functional efficiency 

rather than emotional loyalty. 

The non-significant effect of social media engagement on 

reuse intention further suggests that engagement-driven 

awareness and engagement-driven loyalty are distinct 

phenomena. Users may actively interact with OTP social 

content without forming the relational bonds needed to 

motivate return visits — particularly when competing 

platforms offer similar content and lower prices (Nugraha & 

Susilo, 2021). This finding refines Brodie et al. (2013), who 

proposed that social media interactions should drive 

behavioural outcomes, by revealing that the OTP context 

introduces boundary conditions — high price sensitivity and 

low switching costs — under which engagement alone does 

not translate into loyalty. 

Conversely, the strong path from customer satisfaction 

experience to reuse intention (β = 0.711, p < 0.001) confirms 

Oliver (1999) relational theory of satisfaction as a primary 

loyalty driver, and underscores that AI and social media 

engagement must ultimately deliver satisfying experiences to 

convert into behavioural outcomes. Enthused participation’s 

significant role as a mediator (β = 0.703 on CSE) further 

indicates that emotional activation and proactive engagement 

are necessary precursors to satisfaction in the OTP context. 

All associations are cross-sectional and do not establish causal 

relationships. 

Conclusion 

Theoretical Implications 

This study contributes to the SOR literature by 

demonstrating that digital stimuli — AI technology and social 

media engagement — do not produce direct behavioural 

responses (reuse intention) in the OTP context, but operate 

through a sequential mediation chain involving enthused 

participation and customer satisfaction experience. This 

challenges the simplistic S→R assumption and establishes the 

organism layer as a necessary mediator, not merely a 

moderator. 

Second, the study repositions AI as an enabler of organism 

states rather than a determinant of loyalty. This distinction, 

consistent with Huang & Rust (2021), implies that AI’s value in 

OTPs is conditional on its capacity to generate meaningful 

experiential and affective responses, not merely functional 

efficiency. 

Third, by demonstrating that social media engagement 

does not directly drive reuse intention, the study advances the 

customer engagement literature (Brodie et al., 2013) by 

distinguishing engagement-driven awareness from 

engagement-driven loyalty. Future theoretical frameworks 

should incorporate this distinction, particularly in high-

https://doi.org/10.3389/abp.2025.15550
https://www.ilomata.org/index.php/ijjm


Maryanthi et al.                                                         10.61194/ijjm.v7i4.2299 

 

1517 | Ilomata International Journal of Management                                https://www.ilomata.org/index.php/ijjm 

switching digital service markets. 

Fourth, the significant satisfaction–reuse intention path 

reaffirms Oliver (1999) relational theory and supports 

relationship marketing theory’s emphasis on experiential 

value as the foundation of loyalty. These theoretical 

contributions are framed as exploratory contextual evidence 

from a cross-sectional convenience sample and should be 

replicated with stronger designs before broader claims are 

made. 

 

Practical and Managerial Implications 

The following recommendations are grounded directly in 

the significant empirical results and should not be interpreted 

as confirmed interventions given the cross-sectional design. 

The finding that AI does not directly drive reuse intention (H6 

not supported) implies that OTP providers should not rely on 

AI investment alone to build platform loyalty. AI tools — 

chatbots, recommendation engines, automated notifications 

— should be evaluated for their capacity to generate enthused 

participation and satisfaction, not merely functional 

transactional efficiency. 

The strong satisfaction–reuse intention path (H5, β = 

0.711) and the enthused participation–satisfaction path (H4, 

β = 0.703) together indicate that user experience design 

should prioritise features that stimulate participatory 

excitement: interactive exploration tools, transparent AI 

recommendation explanations, and responsive customer 

support. Platforms should invest in consistently satisfying 

end-to-end booking experiences, including smooth 

cancellation and refund processes, as these are more reliable 

drivers of reuse than social media campaigns alone. 

The non-significant social media engagement–reuse 

intention path (H7 not supported) cautions against treating 

social media metrics as proxies for loyalty. Engagement 

activities should be complemented by strong value 

propositions — exclusive member benefits, personalised 

follow-up communications, and trust-building transparency — 

to bridge the gap between online interaction and repeat 

booking behaviour. Recommendations regarding 

sustainability features, loyalty programmes, and virtual 

previews are beyond the scope of the tested model and are 

offered as future research directions rather than findings-

based conclusions. 

Limitations and Future Research 

This study has several limitations that should inform the 

interpretation of findings and guide future research. First, the 

cross-sectional design precludes causal inference; all results 

are associational. Longitudinal designs would be needed to 

establish temporal precedence between AI stimuli, organism 

states, and reuse behaviour. Second, all data are self-reported 

and subject to social desirability and recall biases. Third, the 

convenience sampling approach and geographic concentration 

of respondents in Jabodetabek (predominantly Jakarta) limit 

generalisation to other Indonesian regions and Southeast Asian 

markets with different platform ecosystems and consumer 

norms. Fourth, the valid sample size of 101 respondents, while 

adequate for the PLS-SEM model tested, constrains statistical 

power for detecting smaller effect sizes. Fifth, common method 

bias cannot be fully ruled out in a single-source survey design, 

despite item randomisation and anonymity assurance. Sixth, 

reuse intention is used as a proxy for customer buying 

behaviour; actual behavioural data from platform transaction 

logs would provide more objective outcome measures. Future 

research should address these limitations by incorporating 

longitudinal data, objective behavioural outcomes, and larger 

geographically diverse samples, and by extending the model to 

include trust, perceived risk, and sustainability awareness as 

additional constructs. 
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